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Does Marketing Channel Satisfaction Moderate

the Association Between Alternative Attractiveness

and Exiting? An Application of Ping's Technique

Abstract


The article investigates the moderating effect of overall relationship satisfaction on the relationship between the attractiveness of the alternative relationship and exiting the relationship in a marketing channel. The investigation involves a structural equation modeling technique proposed by Ping (1993a). The technique specifies the satisfaction-alternative attractiveness interaction using products of the indicators of satisfaction and alternative attractiveness, as Kenny and Judd (1984) suggested. However it uses fixed values for the indicator loadings and error variances that are determined in a measurement model.


The results suggest that overall relationship satisfaction moderates the alternative attractiveness-exiting effect. The article provides several interesting observations and suggestions regarding the use of the estimation technique proposed by Ping (1993a).

Does Marketing Channel Satisfaction Moderate

the Association Between Alternative Attractiveness

and Exiting? An Application of Ping's Technique


Channel relationship termination has received some attention recently (Ping and Dwyer, 1991; Ping, 1993b). These studies generally contend that exiting a channel relationship has several antecedents, among them overall satisfaction, and the attractiveness of the best alternative relationship. The associations between these variables have rightly been modeled using linear effects, and plausible non-linear effects have been assumed to be absent. This study investigates a plausible nonlinear association involving channel relationship exiting, the interaction of overall satisfaction and alternative attractiveness in their effect on exiting.


The investigation uses a field survey and a proposed structural equation technique due to Ping (1993b) that esti​mates interaction and quadratic effects for latent vari​ables under certain conditions. The technique involves structural equation analysis, and is carried out in two steps, paralleling the two‑step estimation approach for structural equation suggested by Anderson and Gerbing (1988) (i.e., estimate the measurement model before estimating the structural model).


In particular, the loadings and error variances for the indicators of the linear latent variables are estimated in a measure​ment model. Then these loadings and error variances are used to calculate the loadings and error variances for the indicators of latent interaction and quadratic variables. The relations among the linear and nonlinear latent variables are then estimated in a structur​al model. The indicators of the interaction and quadratic latent variables in the structural model are specified as the products of the indicators of the linear latent variables that comprise the nonlinear latent variables. The calculated loadings and error variances for these indicator products are specified as fixed rather than free vari​ables in the structural model under the appropriate conditions.


After summarizing the current picture of channel relationship exiting, we propose and test the satisfaction-alternative attractiveness effect using a field survey and Ping's technique. We then discuss the implications of the test, and the use of the estimation technique.

Channel Relationship Termination


In an investigation of generalized responses to channel relationship problems Ping (1993b) observed that the inclination to exit a channel relationship was negatively associated with overall relationship satisfaction, and positively associated with the attractiveness of the best available alternative relationship. The specification of these relationships involved a structural equation analysis of a model that implicitly posited only linear relationships among the variables in these relationships.


In a conceptualization of the history of a buyer-seller relationship Dwyer, Schurr and Oh (1987) proposed that these relationships pass through several phases (also see Ford, 1980; and Gadde and Mattsson, 1987). Both parties to the buyer-seller relationship, they argued, pass through awareness, exploration, expansion, commitment, and, ultimately, dissolution phases of the relationship. In the committed phase they noted that the exchange partners achieve a level of satisfaction that precludes other primary exchange partners. They stated that awareness of alternative relationships is maintained but without constant comparisons to the current relationship. One plausible result of this preclusionary state is that for satisfied subject firms increases in the attractiveness of alternative relationships would not affect relationship exiting intention. However since Ping (1993b) observed a positive association between alternative attractiveness and exiting, this suggests that this association is contingent on the level of overall relationship satisfaction. In particular when overall satisfaction is lower, changes in alternative attractiveness are positively associated with exiting. At higher levels of satisfaction, however, this association is not significant. Accordingly we postulate that,



H1: Overall relationship satisfaction moderates the association between alternative attractiveness and exiting.

Specifically, 



H2a: At higher levels of overall relationship satisfaction there is no association between alternative attractiveness and exiting,

and



H2b: At lower levels of overall relationship satisfaction alternative attractiveness is positively associated with exiting.


In the balance of the article we will test these assertions using data provided by a field survey. We begin by describing the measurement of the study variables, satisfaction, alternative attractiveness, and exiting.

Measurement


Satisfaction, the global evaluation of relationship fulfillment by the subject firm (Dwyer and Oh, 1987), was measured using a modifi​ca​tion of the Dwyer and Oh satisfaction scale inspired by Gaski and Nevin (1985). The domain of satisfaction includes all the character​istics of the buyer-seller relationship that the subject firm deems "reward​ing, profit​able, or instrumen​tal" (Rukert and Churchill, 1984), or costly, unfair or frus​trating (Ping 1993b). The items in the satisfac​tion measure assessed overall satisfac​tion with the relationship, fairness in the exchange relationship, and the degree to which partner was a good company with which to do business.


The attractiveness of the best alterna​tive relationship, the subject firm's estimate of the satisfac​tion avail​able in the best available alternative relationship, was operationalized as the subject firm's perception of the overall fulfillment avail​able from the best alter​na​tive supplier, in addition to the overall fulfillment available in the existing relation​ship (Ping 1993b). This concep​tual​ization encom​pass​es the subject firm's general​ized percep​tions of the rewards and costs available in the most salient available rela​tion​ship alternative. The items in this measure dealt with the subject firm's evaluation of how good a supplier company the alternative would be, its fair​ness, products and servic​es, and policies; and, in general, how satisfied the subject firm would be the alterna​tive supplier.


Exiting, physically leaving the relationship, was operationalized as the propensi​ty to terminate the primary supplier relationship (Ping 1993b). This conceptualization taps the degree of inclina​tion to discontinue the rela​tion​ship with the primary supplier. The items in the exiting measure concerned thinking of exiting, looking for a replacement relation​ship, consid​er​ing a replace​ment, and the inten​tion to exit. 


These measures were combined into a self administered questionnaire that was mailed to a sample of the study population. The analysis of the resulting data was conducted using structural equation analysis with a satisfaction-alternative attractiveness latent variable interaction specified using Ping's technique. Before describing the study, some background on this approach would be appropriate.

Non-linear Latent Variables


Kenny and Judd (1984) proposed that interaction and quadratic effects for latent variables could be estimated using structural equation analysis and products of observed variables. Kenny and Judd proposed that, for example, the products the observed indicators for the linear latent variables X and Z could be used to specify the latent interaction variable XZ. Specifically, if  and Z had indicators x1, x2, z1, and z2, XZ could be specified using products of these indicators, i.e., x1z1, x1z2, x2z1, and x2z2.


In addition Kenny and Judd showed that, under certain conditions, the variance of these indicator products is determined by the variance of their constituent indicators. They showed that, for example, the variance of the indicator x1z1 depends on x1, z1, Var(X), Var(Z), x1, and z1, where Var(X) and Var(Z) are the variances of the latent variables X and Z, x1, and z1 are the loadings of x1 on X and z1 on Z, and x1 and z1 are the variances of the error terms x1 and x1. Assuming the latent vari​ables X and Z are independent of the error terms x1 and z1, the error terms are indepen​dent of each other, and x1, z1, x1 and z1 are nor​mally distributed, they showed the variance of x1z1 is given by


Var(x1z1) = Var[(x1X + x1)(z1Z + z1)]



     = x12z12Var(XZ) + x12Var(X)z1



  + z12Var(Z)x1 + x1z1 .
(1


Then they specified latent variables such as XZ with indicators such as x1z1 by constraining the indicator loading and error term for x1z1 (x1z1 and x1z1) to be the combinations of linear-terms-only model parameters shown in equation 1, i.e.,



x1z1 = x1z1 ,
(2

and



x1z1 = x12Var(X)z1 + z12Var(Z)x1 + x1z1 .
(3

They also used COSAN (currently a subprocedure of the SAS procedure CALIS) which is particularly suited to modeling structural equations with nonlinear terms such as those in equations 2 and 3.


While the Kenny and Judd technique is an important theoretical contribution, the technique has proven difficult for most researchers to implement (Aiken and West, 1991). Ping (1993a) noted that the number of dummy variables required to specify each indicator of a non-linear variable using the Kenny and Judd technique (e.g., one for each term in equations 2 and 3) can become overwhelming for models with many indicators or several non-linear latent variables.


Hayduk (1987) and others have proposed a variation of the Kenny and Judd technique that can be implemented using LISREL (Jöreskog and Sörbom, 1989) and EQS (Bentler, 1989). The technique is difficult to summarize, however, and the interested reader is directed to chapter 7 of Hayduk (1987) for the details of the technique. Unfortunately, this technique also requires the creation of many dummy variables.


As a result Ping (1993b) proposed an additional variation of the Kenny and Judd technique that requires no dummy variables and can be implemented in LISREL and EQS. Under the Kenny and Judd normality assumptions stated above and assuming the unidimensionality of the latent variable indicators, Ping argued that the loadings and error variances for the Kenny and Judd product indicators of an interaction or quadratic latent variable need not be estimated in the structural model. Specifically he demonstrated that parameter estimates from the measurement model (e.g., x1, z1, Var(X), Var(Z), x1, and z1), can be combined into structural model constants (e.g., x1z1 = x1z1 and x1z1 = x12Var(X)z1 + z12Var(Z)x1 + x1z1). Then the structur​al model can be estimated with the interaction indicator loadings and error variances (e.g., x1z1 and x1z1) specified as fixed values (equal to x1z1 and x12Var(X)z1 + z12Var(Z)x1 + x1z1) . This is possible, he argued, because with sufficient unidimensionality the measurement parameters for a latent variable's indicators (e.g., x1, z1, Var(X), Var(Z), x1, and z1) are trivially variant between the measurement and structural models (Anderson and Gerbing, 1988). In different words the measurement parameter estimates for the indicators of a unidimensional latent variable change very little between the measurement and structural models (frequently only in the third decimal place). Therefore measurement model estimates can be specified as constants in the structural model, and the loadings and error variances of the indicators of non-linear latent variables need not be estimated in a structural model.


He argued further that the uni​di​men​sion​al​i​ty assumption enables the omission of the non-linear constructs from the measure​ment model with no effect on the parameter estimates for the linear constructs because, by the definition of unidimensionality, unidimen​sional con​structs are unaffect​ed by other latent variables. Similarly adding or deleting unidimensional constructs in the structural model does not affect the measure​ment parameter estimates for the added or other latent variables in the structural model.


In summary, Ping's technique involves,



o verifying indicator normality-- however, maximum likelihood and generalized least squares estimates are robust to departures from normality (Anderson and Amemiya, 1985, 1986; Boomsma, 1983; Browne, 1987; Harlow, 1985; Sharma, Durvasula and Dillon, 1989; Tanaka, 1984),



o assuming the latent vari​ables are independent of the error terms, and the error terms are indepen​dent of each other,



o unidimensionalizing the linear latent variables,



o estimating loadings and error variances for the linear independent variable indicators using a measurement model, then combining these estimates into equation 2 and 3 estimates of the loadings and error variances for the nonlinear latent variable indicators,



o specifying these equation 2 and 3 estimates as fixed values in a structural model, and estimating that model.


The balance of the paper will describe the use of Ping's technique in a field survey that tests the hypothesized satisfaction-alternative attractiveness interaction.

Method


Returning to the study, the satisfaction, alternative attractiveness, and exiting items were combined with five point balanced Likert scales. The survey population was hardware retailers, and the sampling frame was the subscription list of a popular hardware trade publication. Sampling involved n-th name selects of 100 pretest names and 600 final test names. The pretest responses were used to verify the psychometric properties of the measures. The resulting measures appeared to be content valid, unidi​mensional, inter​nal​ly and externally consis​tent (see Gerbing and Anderson, 1984), and had coeffi​cient alpha's of .8 or above. The final test produced 288 responses after two postcard follow-ups. The psychometric properties of the measures were reexamined using these responses and item-to-total correla​tions, coeffi​cient alpha calcula​tions, ordered similar​ity coeffi​cients (Hunter, 1973), multiple group analy​sis (Anderson, Gerbing and Hunter, 1987), and LISREL single factor analysis (Jöreskog, 1993, pp. 297, 313). The measures were content valid, unidi​mensional, inter​nal​ly and externally consis​tent, and had latent variable reliabilities of .9 or above and average variance extracteds of .7 or above (Fornell and Larker, 1981). Table 1 summarizes the psychographic properties of the final test scales.


The normality of the indicators of satisfaction, alternative attractiveness and exiting was then assessed, and the measurement model for the linear-terms-only model shown in Figure 1 was estimated using EQS and maximum likelihood. The resulting measurement parameter estimates for satisfaction and alternative attractiveness are shown in Table 2. These estimates were combined to produce the equations 2 and 3 loadings and error variances for the satisfaction-alternative attractiveness interaction indicators shown in the Figure 2 structural model. This structural model was then estimated using EQS and maximum likelihood by fixing the loadings and error variances for the product indicators at the Table 2 values. The results are shown in Table 3.


Because the use of product indicators in a structural equation model renders the model formally non normal, estimates of the standard errors for the structural effect coefficients cannot be trusted (Hu, Bentler and Kano, 1992). For emphasis the effect estimates are robust to departures from normality but the standard errors do not. The structural model was therefore re-estimated using EQS's "ROBUST" option to produce more appropriate standard error and chi squared statistics (Satorra and Bentler, 1988) (see Bentler, 1989, p.217 et seq.; and Hu, Bentler and Kano, 1992). We also estimated the Figure 2 model using ordinary least squares regression for comparison. These regression estimates were produced by averaging the indicators for satisfaction, alternative attractiveness, and exiting, and forming the interaction term by forming the product variable satisfaction-alternative attractiveness in each case. These regression results are also shown in Table 3.


We will discuss these results and their implications next.

Discussion


The hypothesized associations were supported. Satisfaction moderated the alternative attractiveness-exiting association: the alternative attractiveness-exiting interaction effect coefficient was significant (see Table 3). In addition Table 4 shows the alternative attractiveness-exiting effect coefficient with the interaction effect of satisfaction at selected levels of satisfaction. As shown in this table, satisfaction attenuated the alternative attractiveness-exiting association as the level of satisfaction increased. In particular, at higher levels of satisfaction (e.g., above 4 which corresponded to "Agree") the alternative attractiveness-exiting association was non significant. At lower levels of satisfaction the alternative attractiveness-exiting association, however, was significant.


These results may have implications for practitioners. The observed lack of association between exiting and alternative attractiveness at higher levels of satisfaction in this study suggests that increases in the attractiveness of an alternative (competition) by itself may not necessarily tempt satisfied customer firms to exit their current buyer-seller relationship. In other words an alternative's efforts to be more attractive may not, by itself, increase exiting inclinations: decreased satisfaction may also be required. Viewing these results from a lower satisfaction perspective, increases in alternative attractiveness were associated with increases in exiting inclinations for less satisfied buyers in the study. This suggests that less satisfied customer firms may be vulernable to competitive moves aimed at increasing competitor attractiveness.


In addition the model explained 65% of the variance in exiting (see "Squared Multiple Correlation for EXI," Table 3), which is notable for marketing studies. While unmodeled antecedents of exiting may remain to be identified, their combined contribution to explaining variance in exiting in this context may not be large. For the busy channel manager this in turn suggests that satisfaction maintenance may be sufficient for relationship maintenance.


Turning to the use of Ping's technique in this study, the efficacy of the technique was apparent in the study. The coefficient estimates were directionally similar to the regression estimates. In addition specifying the Figure 2 interaction involved considerably less effort than a Kenny and Judd/COSAN specification would have required, we suspect. A Kenny and Judd/COSAN specification of the Figure 2 model would have required the creation of 80 additional dummy variables, one for each term in equations 2 and 3.


While the regression estimates were similar to the structural equation estimates, they cannot be trusted for variables measured with error: OLS regression estimates are known to be biased and inefficient for variables measured with error (Busemeyer and Jones, 1983). The regression standard error estimates were different from those from the structural equation analysis, however, especially for the interaction coefficient, the key parameter in the study. While there are regression techniques for variables measured with error (see Feucht, 1989 for a summary), these techniques currently lack standard error estimators, and as a result regression is inappropriate for estimating effects among latent variables.


However, regression estimates of the satisfaction, alternative attractiveness, and the interaction effects are useful as starting values for the structural equation analysis. We used a personal computer version of EQS, and the starting values from regression reduced the EQS execution times dramatically.


Starting values from several other sources were also used for the remaining free parameters in the structural model. Measurement model estimates were used for the starting values for the linear variable variances, covariances, loadings and error variances. A starting value for the variance of the satisfaction-alternative attractiveness variable was determined by averaging the indicators of satisfaction and alternative attractiveness in each case, forming the product of these two averaged variables in each case, and then calculating the variance of the result using standard descriptive statistics software. An estimate of the variance of the structural disturbance term was calculated by hand using the regression value of R2 and the measurement model estimate of the variance of exiting (i.e., Var()Var(EXI)(1-R2)).


Several additional comments on the utilization of Ping's technique may be of interest. Despite the apparent unidimensionality of the latent variables the measurement and structural model estimates for the measurement parameters of satisfaction and alternative attractiveness were different, typically in the third decimal place. As a result an iterative approach was used to produce the Table 3 results. This was accomplished by recomputing the equation 2 and 3 values using the first structural equation estimates of the measurement parameters for satisfaction and alternative attractiveness (i.e., 's, 's, variances and covariances), and re- estimating the structural model with these revised equation 2 and 3 values fixed. Table 3, as a result, contains the estimates from the second structural model run. The effect of this second structural model estimation was to base the equation 2 and 3 values on structural model estimates, rather than measurement model estimates. Parenthetically these refined equation 2 and 3 values had little effect on the coefficient, standard error or chi-squared estimates between the two structural equation estimations. 


We obtained inadmissible solutions when the linear terms and the non linear terms were specified as correlated in the structural model. As a result the Figure 2 structural model shows correlations between the linear variables only. Because an interaction is clearly correlated with its unadjusted linear constituents, this may be a limitation of Ping's technique. Kenny and Judd (1984) also appeared to fix the linear-interaction term covariances at zero (although they freed the covariance between a linear term X and the interaction X*(Z2) in their third example).


The t-values for the ML coefficient estimates and those for ML estimates with EQS's ROBUST option were similar (see Table 3). This suggests that the standard errors produced by Ping's technique (and indicator product techniques in general) may be robust to formal departures from normality.


The chi-squared statistic, however, appeared to be distorted by the formal non normality of the product indicators (see Table 3). The unscaled null (independence) model and the Figure 2 model chi-squared statistics were large and misleading because the null model appeared to fit the data better than the Figure 2 model. As a result the Comparative Fit Index (Bentler, 1990), which relies on the chi-squared statistic, was also distorted. The scaled chi-squared statistic available with the ROBUST option appeared to be more useful. Using the scaled chi-squared statistic the Figure 2 model appeared to fit the data (the Chi-Squared p-value was 1), and it produced a Comparative Fit Index of 1.


These observations suggest there is more work needed in this important area.

Summary


The study investigated an hypothesized moderating effect of overall relationship satisfaction on the association between exiting and the attractiveness of the alternative relationship in a marketing channel. The results suggest that the moderating effect is present in the study context, and that at higher levels of satisfaction, there is no alternative attractiveness-exiting effect in the study population.


The investigation used Ping's technique for estimating non-linear latent variable effects. The results suggest that the technique is reasonably easy to use with existing popular estimation software, in this case EQS. The effect and standard error estimates appeared to be robust to the formal departure from normality inherent when product indicators are used. However the chi-squared estimates appeared to be affected by the formal non normality, and the scaled chi-squared estimates available in EQS's ROBUST option appeared to be more appropriate.
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Table 1

Psychometric Properties of the Measures


                  Measure

Concept           Parametera      Statistic
Satisfaction      Items              5

                  df                 5

                  Chi-Squared        5

                  p-value           .40

                  CFI              1.00

                  Avg. Std. Resid.  .006

                  AVE               .77

                  LV Reliability    .97

                  Alpha             .92

Alternative       Items              4

 Attractiveness   df                 2

                  Chi-Squared        1

                  p-value           .19

                  CFI               .99

                  Avg. Std. Resid.  .004

                  AVE               .78

                  LV Reliability    .91

                  Alpha             .91

Exit              Items              6

                  df                 9

                  Chi-Squared        9

                  p-value           .43

                  CFI              1.00

                  Avg. Std. Resid.  .009

                  AVE               .72

                  LV Reliability    .91

                  Alpha             .96

____________________________

a Items = Number of items in the scale.

  df = Chi-squared statistic degrees of freedom.

  Chi-Squared = Chi-squared statistic value.

  p-value = Attained significance of the chi-squared

   statistic.

  CFI = Comparative Fit Index (Bentler 1990).

  Avg. Std. Resid. = The average of the standardized

   covariance matrix residuals.

  AVE = Average Variance Extracted (Fornell and Larker

   1981).

  LV Reliability = Latent Variable Reliability (Fornell

   and Larker 1981).

  Alpha = Coefficient (Cronbach) alpha value.

Table 2

Measurement Model Results

 

Parameter    Estimate  Param​eter     Estimate 


s1

0.79

s4

 0.12


s2

0.88

s5

 0.10


s3

1.00

a1

 0.27


s4

0.87

a2

 0.24


s5

0.94

a3

 0.07


a1

0.92

a4

 0.24


a2

0.90

e1

 0.52


a3

1.00

e2

 0.19


a4

0.78

e3

 0.11


o1

0.84

e4

 0.32


e2

0.83

e5

 0.09


e3

1.00

e6

 0.12


e4

0.94

SAT

 0.51


e5

0.96

SATALT

-0.37


e6

0.92

SATEXI

-0.43


s1

0.16

ALT   
 
 0.84


s2

0.13

ALTEXI
 
 0.51


s3

0.10

EXI   

 0.79

Equations 2 and 3 Values:

  Parameter     Value  Parameter    Value
    s1a1

.533    s1a1
   .257

    s1a2

.509    s1a2
   .239

    s1a3

.625    s1a3
   .180

    s1a4

.384    s1a4
   .207

    s2a1

.669    s2a1
   .242

    s2a2

.639    s2a2
   .224

    s2a3

.784    s2a3
   .151

    s2a4

.482    s2a4
   .198

    s3a1

.852    s3a1
   .251

    s3a2

.815    s3a2
   .231

    s3a3

1.000   s3a3
   .140

    s3a4

.615    s3a4
   .208

    s4a1

.657    s4a1
   .231

    s4a2

.628    s4a2
   .213

    s4a3

.770    s4a3
   .142

    s4a4

.473    s4a4
   .189

    s5a1

.755    s5a1
   .227

    s5a2

.722    s5a2
   .209

    s5a3

.885    s5a3
   .128

    s5a4

.544    s5a4
   .188

Table 3

Structural Model Estimation Results


Structural Equation Analysis Estimates:







                                             t-value

Parameter    Estimate  Param​eter     Estimate    ML   ROBUSTa


s1

0.79

s5

 0.10

s2

0.88

a1

 0.27

s3

1.00

a2

 0.24

s4

0.87

a3

 0.08

s5

0.94

a4

 0.23

a1

0.92

e1

 0.53

a2

0.90

e2

 0.19


a3

1.00

e3

 0.11


a4

0.78

e4

 0.32


o1

0.84

e5

 0.09


e2

0.83

e6

 0.12


e3

1.00

SAT

 0.50


e4

0.94

SATALT

-0.37


e5

0.96

ALT   
 
 0.84


e6

0.92

SATALT

17.95


s1

0.16

EXI

 0.34


s2

0.13

EXI,SAT      -0.35     4.59   4.79


s3

0.10

EXI,ALT       0.65    10.58   9.61


s4

0.12

EXI,SATALT    -0.05     5.64   5.45


Fit Indices

                                         ML   ROBUSTa

Chi-Squared Statistic Value            88248     380


p-Value of Chi-Squared Value            .000   1.000


Bentler (1990) Comparative Fit Index    .000   1.000


Null Model 2                          25884   18831


Chi-Squared Degrees of Freedom           595     595


Squared Multiple Correlation for EXI     .65


Total Coef. of Determination             .65

 OLS Regression Estimates:
Dependent  Independent      b Coef-                F-value

Variable    Variable        ficient      p-value   and (p)     R2
EXI            SAT

   -.287         .07   79.52 (.00)  .52

EXI            ALT
 
    .745         .00

EXI          SATALT          -.100         .07

___________________________________

a ML = Maximum Likelihood estimate.

  ROBUST = ML estimate with EQS ROBUST option (Satorra and

   Bentler 1988) (see Bentler 1989, p.217 et seq.; and Hu,

   Bentler and Kano 1992).

Table 4

Satisfaction Moderation of the Alternative

Attractiveness-Exiting Association


    SAT      ALT         SE of the

   Valuea  Coefficientb  Coefficientc  t-value
     1       0.596        0.1239       4.80

     2       0.539        0.1859       2.89

     3       0.482        0.2510       1.91

     4       0.425        0.3173       1.33

     5       0.368        0.3841       0.95

__________________________

a Satisfaction ranged from 1 (=low) to 5 in the study.

b The coefficient of ALT is given by .65ALT-.05SAT*ALT =

   (.65-.05SAT)ALT.

c The Standard Error of the ALT coefficient is given by

    ______________

   √Var(bALT-bSATSAT)

            ______________________________________
         = √Var(bALT)+SAT2Var(bSAT)+2SATCov(bALT,bSAT)) .

Fig. 1. Linear-Terms-Only Measurement Model


     's

       SATa            ALT              EXI

                               

si's             ai's          ei's

   s1 s2 s3 s4 s5     a1 a2 a3 a4     e1 e2 e3 e4 e5 e6
                                

  s1 s2 s3 s4 s5  a1 a2 a3 a4  e1 e2 e3 e4 e5 e6 

_______________________

a SAT = Satisfaction, ALT = Alternative Attractiveness, EXI = Exiting.

Fig. 2. Structural Model

  s1 s2 s3 s4 s5
                               

   s1 s2 s3 s4 s5

si's

       SATa
                                     ei's

                                         e1     e1
                                          e2     e2
      ALT                         EXI     e3     e3
                                          e4     e4
                                          e5     e5
ai's                                      e6     e6
   a1 a2 a3 a4  

              

  a1 a2 a3 a4 

          SAT*ALT  

siaj's          

   s1a1 s1a2...s1a4 s2a1...s5a4 

              

  s1a1 s1a2...s1a4 s2a1...s5a4 

________________________

a SAT = Satisfaction, ALT = Alternative Attractiveness,

  SAT*ALT = Satisfaction-Alternative Attractiveness Interaction,

  EXI = Exiting.

